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Research on Local Fiscal Expenditure for Agriculture

Enhance the Resilience of Agricultural Production
Evidences from China’s Provincial Panel Data

DENG Jingian and HE Aiping
(School of Economic & Management, Northwest University, Xi’ an 710127, China)

Abstract: Financial support for agriculture is an important source of funds for modern agricultural production.
Based on the perspective of the resilience of agricultural production and provincial panel data of China from 1997 to
2013 for empirical test, and through panel fixed effect regression model, panel variance decomposition and impulse
response function analysis, we explore the effect of local fiscal expenditure on agricultural disaster rate. The re-
search shows that increase of local fiscal expenditure can significantly reduce the proportion of occurrence of agricul-
tural production, and enhance the resilience of agricultural production, but the effect of fiscal expenditure on disas-
ter resistance ability of agricultural production has pronounced regional heterogeneity. Finally, we put forward the
corresponding policy based on research findings.

Key words: local finance; expenditure for supporting agriculture ; agricultural production; resilience ; hazard
rate
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Earthquake Disaster Economic Loss Estimation and Prediction Based on
Neural Networks with Random Weights

XIE Jiazhi, CHE Sifang and LIN Yong
(School of Economics and Management, Southwest University, Chongqing 400715, China)

Abstract: The estimation and prediction of earthquake disaster loss is an important part of seismic risk man-
agement. The earthquake disaster direct economic loss of 2008 —2014 in China was evaluated by using the NNRW,
and compared with the traditional BP neural network. Experimental results show that the NNRW is better than the
BP neural network in training time, training accuracy and prediction accuracy. Therefore, the NNRW provides a
new method for the rapid and accurate assessment and prediction of direct economic loss of earthquake disaster.

Key words: neural networks with random weights; earthquake disaster; direct economic loss; estimation;
prediction



