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Remote Sensing Change Detection Method Based on Texture

Characteristic in Natural Disaster Monitoring

Wang Litao, Wang Shixin, Zhou Yi, Liu Wenliang,
Wang Feng and Wang Futao

(Institute of Remote Sensing and Digital Earth, Chinese Academy of Sciences, Beijing 100101, China)

Abstract: Change detection using remote sensing images is one of the important methods on obtaining land

feature information, and is widely used to monitoring the natural disaster. In the change detection methods based on

image gray information, the threshold selection is affected by pseudo change information from the effect of sensors

and environmental factors. Texture feature has a property of shift invariant, which can use the spatial structure in-

formation in change detection and avoid the effect of pseudo change from image gray. An algorithm was presented

that using the texture characteristic and image segmentation techniques. The algorithm was validated and analyzed

using the sample data. The results show that the algorithm based on the texture characteristic can effectively extract

the land features with a better precision.

Key words; texture characteristic; remote sensing images; hazard monitoring; change detection



