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Sina Weibo Disaster Information Detection Based on
Chinese Short Text Classification

Bai Hua' and Lin Xunguo’
(1. School of Management, Harbin Institute of Technology University, Harbin 150001, China;
2. CSIRO Digital Productivity Flagship, G. P. 0. Box 664, Australia Canberra, ACT 2601 )

Abstract: Weibo, a popular Chinese social media service, has received much attention recently. More and
more people use Weibo as an information tool, especially when the disaster happens. We present a work to develop
a disasters detector based on Sina Weibo messages. This system captures public messages from Sina Weibo platform
at first, and then processes messages filter and text classification to determine if messages correspond to people ex-
periencing a disaster. We also offer an interface for users to view the processed messages. Our long term aim is to
develop a general alert stem for various disaster event types in China, and it would be very useful for the disaster
rescue.

Key words: social media; Sina Weibo; disaster information; disaster detection
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