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bootstrap for computing confidence measures on features of induced

Research on Terrorist Attack Warning Model
Based on Bayesian Network

FU Ziyang, XU Rongzhen and LIU Wengqiang
(School of Economics & Management, Tianjin University of Science & Technology, Tianjin 300222, China)

Abstract: Terrorism early warning can be more effective prevention and control of terrorist attacks has brought
worldwide attention. However, the terrorist attacks in our country establish a direct warning model, facing the sam-
ple data is insufficient, so that the model cannot be accurately established. Therefore, we propose a method to
solve this problem by using the Bayesian network with the principle of case adaptation. In order to guarantee its
case adaptation, we specify the rules of data selection and node selection, and establish a Bayesian network model
based on foreign terrorist attack samples, and is tested for its practicality and versatility. Then according to the
principle of case adaptation, combined with the actual data, we use the EM algorithm to update the parameters of
learning, and then modify the model. After verification, the results show that the model accuracy is greatly im-
proved , which is more in line with the actual situation of our country. Finally, the model warning a terrorist attack,
casualties highlighting conclusions are drawn, and the results provide effective warning information for the decision
makers.

Key words: terrorist attack ; warning; Bayesian networks; case adaptation



