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Advances in Drought Remote Sensing Monitoring Based on

Multispectral and Hyperspectral Data

FENG Rui', ZHANG Yushu', WU Jinwen', JI Ruipeng', YU Wenying' and WANG Peijuan’
(1. Institute of Meteorological Sciences of Liaoning Province, Shenyang 110166, China;
2. Chinese Academy of Meteorological Sciences, Beijing 100081, China)

Abstract: Drought is one of the main meteorological disasters in china, under the background of global cli-

mate and environment change, the frequency of extreme drought is on the rise. In this paper, the recent progress

and applicability of drought monitoring using multi spectral satellite data and near ground hyperspectral data at

home and abroad are summarized. On the basis of those studies, we can reach the following conclusions: (1) The

drought monitoring model based on the theory of surface soil water and energy balance, and feature space are more

suitable for low vegetation or bare soil area; (2) The drought monitoring model based on crop vegetation index is

more suitable for the high vegetation coverage area, and needs long time series data; (3) There are differences in

the spectral sensitive bands of drought monitoring based on the near ground hyperspectral data in the different devel-

opmental stages and different crops. The conclusions of this paper can provide reference for drought monitoring u-

sing multispectral and hyperspectral data.

Key words: drought; multispectral ; hyperspectral ; remote sensing monitoring; research progress



