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Research Progress and Prospect of Remote Sensing
on Extracting Burned Areas Information

WU Jinwen'?, SUN Longyu’, JI Ruipeng'”, FENG Rui'?*, YU Wenying'*, ZHANG Yushu'~
(1. Institute of Atmospheric Environment, CMA, Liaoning Province, Shenyang 110166, China;
2. Key Laboratory of Agrometeorological Disasters, Liaoning Province, Shenyang 110166, China;
3. Meteorological Bureau of Shenyang, LiaoningProvince, Shenyang 110148, China))

Abstract: The emerging evidence as regards the issue of the increasing degree of harm that forest fires cause
to the environment, economy and society has garnered significant attention from both the national and local govern-
ments, especially considering China’ s rapid economic growth, urban economic development, continuous warm and
dry climate and combustible accumulation caused by logging ban. Undoubtedly, burned area information is one of
the most important information used for describing forest fires and is an important parameter for the study of carbon
cycle disturbance and global change. by summarizing the interpretation marks and model algorithms of the products
which are still widely used at home and abroad in recent years, previous studies have focused on developing models
for extracting burned area algorithms rather than emphasising the effects of detailed features such as shadows and
textures in complex terrain, which has restrained accurate extraction and scientific evaluation of burned area infor-
mation. Therefore, In view of this problem, we put forward the prospect of improving the way to extract the burned
area information, the effect of a terrain correction model is first optimised based on digital elevation model parame-
ters for simulating the earth’ s surface by spectral vegetation test in sunlit and shadow slopes. Meanwhile, vegeta-
tion indices are established upon shading correction. Then, by defining the conditions for generating grey texture u-
sing the colour co-occurrence matrix and Euclidean space, quantitative interpretation of colour textures is achieved.
Finally, the random forest model is optimised. By expounding the influence of coupling of vegetation indices upon
shading and colour texture correction on extracted burned area, decrease in missing small-area fire points and errone-
ous judgement of mixed information to high-precision extraction of burned area information can be achieved. It has
typical representative significance in exploring the research and development of burned area products worldwide.

Key words: remote sensing monitoring; burned area; tomographic correction; texture; random forest model



