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Knowledge Graph of Air Pollution Control Based on Intelligent Algorithms.
Research Methods, Evolution Paths and Application Prospects

ZENG Suiping', ZHAO Xiya' and TIAN Jian®”
(1. School of Architecture, Tianjin Chengjian University, Tianjin 300384, China; 2. Tianjin Urban Planning and
Design Institute, Tianjin 300190, China; 3. School of Architecture, Tianjin University, Tianjin 300072, China)

Abstract: Air pollution prevention and control is an important research topic to protect people’s health and life
safety. Intelligent algorithm is an important tool for air pollution prevention and control, prediction and early warn-
ing. In this paper, Citespace is used to make a visual analysis of the literature on the application of intelligent al-
gorithm in air pollution prevention and control from 1998 to 2021 in the core database of Web of Science. The re-
sults show that ; (1) the application history of intelligent algorithm in air pollution prevention and control includes
four stages: mathematical statistics, remote sensing monitoring, digital simulation and neural network algorithm.
(2) The research themes are clustered into three core cluster evolution paths: " neural network model" , " smart
health detection system" and " air pollution in urban space" ; (3) The application methods include five aspects: "
spatial and temporal distribution of air pollution" , " correlation of air pollution factors" , " prediction of air pollution
events" , " evaluation of air quality" and " application of healthy and resilient cities" . In the future, the application
trend of intelligent algorithms in air pollution prevention and control will reflect the characteristics of " high precision
prediction — full cycle assessment — health concept" .

Key words: intelligent algorithm; air pollution prevention and control; knowledge graph; spatial layout;
control the physical environment



